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Choice-based ranking: top-k ranking r from universe %
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Plackett—Luce with
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Consideration Set Mode Consideration (PL+C)

1. Initialize upper/lower bounds according to Theorem 3/4
2. Construct DAG G of all item reversals (utility vs top-£
ranking probability)
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1. relative bounds on consideration probabilities, given known utilities.
2. absolute bounds on consideration probabilities, given known utilities
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3. algorithms to tighten our absolute bounds using our relative bounds.
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